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Moving target detection algorithm based on impreved Gaussian mixture model

WANG Dongfang , WANG Yude ,WAv_. jingwu
(College of Physics and Engineering, Qufu Normal cviersity, Qufu 273165, China)

Abstract: In order to eliminate the defects of false detectio of n.ixed Gaussian model under sudden illumination, a

new algorithm combining Gaussian model with average backgre.na r.ethod was proposed to count the foreground pixels.

Firstly, the background of Gaussian mixture model was .n:ts!zed by using multi-frame averaging method when building the

background model. Secondly, a counter for the nutber i tcreground pixels of every frame was established and the false

detection was eliminated based on the counter. Fina.'v, the target was detected by using mathematical morphology and the

foreground of the image was gotten. The results show that this improved algorithm not only overcomes the interference of the

initial background but also eliminates the ‘alse detection when the illumination changes, and improves the detection rate of

the moving targets.
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Comparison of original algorithm and modified algorithm when
light changing
a—original image b—original algorithm  c¢—modified algo-
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Fig.2 Comparison of original algorithm and modified algorithm

a—original image b—original algorithm c—modified algorithm
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