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Face recognition based on NSA m ultiscale model

ZHAO M ing -hua', YOU Zhi-sheng', ZHAO Yong-gang’, LUXue-bin'
(L Institute of mage & G raphi¢ Department of Computer Scencg Sichuan Un wersity Chengdu 610064 Ching 2 Southw est
Petwoleum Instiute Chengdu 610500, Ch ina)

Abstract A multscale mode naned neural networks scak autoregressive( NSA) is presented The model uses neural
networks to represent themap betveen the p xels resid ng at m ages of various resolutions i stead of the assun ption of lnearity in
Iinear scale autoregressive( LSA) model Then back-propagation alorihm is used in the neural networks training to decide the
map fnally he dentifiedmap & used b estinate mages at fner resolition from coarser versbns Sin ilarity n contmast B used to
gauge the degree of sm ilarity between estmated mages and target mages The model is applied i face recogniton and mage
segm en tatbn appwach using grad kent operator & proposed to hcrease the recogniton accuracy Experimental results show that
sinihrity beween image estinated by NSA model@talget mage is 95 3634% . The NSA-based face recognition system is
wbust to illum ina tion
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Tabk 1 Recognition results of NSA-based fice recogniton systen under

various ilkm ination

illm maton% -10-8 -6 -4 -2 0 2 4 6 8 10

criterion Q o
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Fig 5 Segnentation of subject mmber 1 by the 20 NSA models using Sth

order gradient op erator
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